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2 (1) Control variables

188



61- (% X% {i 2019 5

13 »

(2016) Heckman( 1979)

Inverse Mills Ratio(

T,) 10 ( 1

IMR)

1)

( Greenwald & Stein  1991; Corwin & Lipson 2000) ;

o

(2015) .

Heckman

Difference-in-Difference

(
) ( ) .
DID
Information Asymmetry, = o, + a,CL, + a,Post;, + a;CL,* Post,
+ a,Conirol, + IMR, + Year + Industry + & (2)
Post ( 1 Ts) 1 ( 1
T)) 0o Heckman (2) IMR
o 1 CL*
Post 0.D 5 Panel A
1o
5
Panel A:
(1) (2) (3)
Spread Forecast Bias Forecast Error
CL 0. 127 0. 003 0. 001
(6.70) (2.63) (0.97)
0. 061 -0.002™ -0.002
Post
(3.55) (-2.64) ( -2.97)
-0. 1717 -0.003™ -0.003™
CL* Post
( -8.36) ( -3.05) ( -2.82)
Control variables
N 3522 1944 1944
Adj. R® 0.271 0. 107 0.172
@ (2) 987 774
3522,

189



5
Panel B:
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DID
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( Disclosure)
( Factor PerLS PerWL. SpcLS~ SpcWL) .

PreCL( PostCL)

() () ( )
PreCL( PostCL) 1 0. 57% 1
o PostCL
PreCL PostCL
PreCL .@
6
(1) (2) (3) (4) (5)
Factor PerLS PerWL SpcLS SpcWL
PreCL -0.224™ -0.235 -0.254 0.019 -0.054
( =2.56) ( -0.31) ( =0.77) (0.25) (-1.37)
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Wald  p
PreCL = PostCL 0.00 0.00 0.00 0.00 0.00
N 2748 2748 2748 2748 2748
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CL* Post
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Panel B:
(1) (2) (3)
Spread Forecast Bias Forecast Error
-0.020 -0.002 —-0.004 ™
CL* Post( 1)
( -0.58) (-1.12) ( -3.36)
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The Regulatory Role of Stock Exchange Comment Letters:

Evidence from Textual Analysis of Merger and Acquisition Plans
LI Xiaoxi® YANG Guochao” and RAO Pingui®

(a: Jinan University; b: Zhongnan University of Economics and Law)

Summary: Recent research on the effectiveness of the regulatory filing review and comment letter process has focused
almost exclusively on reviews of annual reports and filings involving initial public offerings ( Bens et al. 2016; Johnston
& Petacchi 2017; Li & Liu 2017; Chen et al. 2018 2019). In contrast reviews of filings involving mergers and
acquisitions ( M&A) have received little attention. This represents an important gap considering the institutional
differences between annual report comment letters and M&A comment letters. During Chinas economic transition severe
information asymmetry has frequently led to M&A deals that serve the tunneling objective of company insiders rather than as
a means to reallocate capital across firms ( Baek et al. 2006, Cheung et al. 2009) . Because the 13" Five-Year Plan
vigorously promotes M&As to optimize the industrial structure the active monitoring role that stock exchanges have filled
since 2014 through M&A inquires has become an important factor in the proper functioning of M&A activities. In this
paper we study whether M&A comment letters reduce information asymmetry and thereby improve M&A performance.

There are several institutional differences between annual report comment letters and M&A comment letters. First
during China’s economic transition severe information asymmetry has plagued the M&A process. Target companies are
usually private firms with poor information environments ( De Franco et al. 2011; Wang & Kan 2014) and
confidentiality agreements in M&A deals have led to an absence of public information in the period before the merger
announcement. Meanwhile due to the complicated estimation techniques involved in valuation models M&A filings
emphasize forwardHooking details to a greater degree ( Kimbrough & Louis 2011) whereas annual reports mainly focus on
historical information. Second firms that receive M&A comment letters are required to file a revised M&A plan including
necessary clarifications or supplemental information to address any deficiency. This requirement is distinct from the annual
report review process in which firms only need to respond to stock exchange comment letters. Due to such differences the
monitoring effect of M&A inquiries is not well-understood.

To analyze the effect of stock exchange comment letters on M&A transactions in China we first investigate whether
stock exchange comment letters identify potential M&A risks. We find that acquisitions with higher information asymmetry
and lower reporting quality are more likely to receive stock exchange comment letters. Second we explore the effect of
comment letters on information asymmetry in M&A transactions and find that comment letters reduce bid-ask spread analyst
forecast error and analyst forecast optimism. In addition through textual analysis we document that stock exchange
comment letters lead to revised M&A plans containing longer and more detailed historical and forwarddooking information
about target firms; this is a potential channel through which stock exchange comment letters may reduce information
asymmetry in M&A transactions. Third we further examine the influence of comment letters on M&A performance and find
that commented firms with more revisions in their M&A plans are more likely to complete their transactions and obtain
higher longrun market performance. Collectively our results show that stock exchange comment letters in M&A
transactions improve information disclosure and reduce information asymmetry thereby improving M&A performance.

Our study may be the first or among the first to document the effect of comment letters on M&A transactions and it
contributes to the academic literature on the effectiveness of the regulatory filing review process. In addition our use of
textual analysis to investigate the information content and specificity of M&A plans helps open the “black box” of M&A
filings. Furthermore our findings shed light on the monitoring mechanisms and economic consequences of comment letters
in M&A transactions.

Keywords: Stock Exchange Comment Letters; Textual Analysis; Mergers and Acquisitions; Information Asymmetry
JEL Classification: G14 K22 M41
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